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NEURAL NETWORK IN A MEMORY
DEVICE

RELATED APPLICATION

This application is a non-provisional application of pro-
visional application U.S. 61/602,344, filed Feb. 23, 2012,
and titled “NEURAL NETWORK IN A MEMORY
DEVICE,” related to provisional application U.S. Ser. No.
61/476,574, filed Apr. 18, 2011, titled “METHODS AND
APPARATUS FOR PATTERN MATCHING” which is com-
monly assigned.

TECHNICAL FIELD

The present disclosure relates generally to memory and in
particular, in one or more embodiments, the present disclo-
sure relates to methods and apparatus for facilitating neural
network operations in a memory device.

BACKGROUND

Memory devices are typically provided as internal, semi-
conductor, integrated circuits in computers or other elec-
tronic systems. There are many different types of memory
including random-access memory (RAM), read only
memory (ROM), dynamic random access memory
(DRAM), synchronous dynamic random access memory
(SDRAM), and flash memory.

Flash memory devices have developed into a popular
source of non-volatile memory for a wide range of electronic
applications. Flash memory devices typically use a one-
transistor memory cell that allows for high memory densi-
ties, high reliability, and low power consumption. Changes
in threshold voltage of the cells, through programming of a
charge storage structure, such as floating gates or trapping
layers or other physical phenomena, determine the data state
of each cell. Flash memory devices are commonly used in
electronic systems, such as personal computers, personal
digital assistants (PDAs), digital cameras, digital media
players, digital recorders, games, appliances, vehicles, wire-
less devices, cellular telephones, and removable memory
modules, and the uses for flash memory continue to expand.

Flash memory typically utilizes one of two basic archi-
tectures known as NOR flash and NAND flash. The desig-
nation is derived from the logic used to read the devices. In
NOR flash architecture, a logical column of memory cells is
coupled in parallel with each memory cell coupled to a data
line, such as those typically referred to as digit (e.g., bit)
lines. In NAND flash architecture, a column of memory cells
is coupled in series with only the first memory cell of the
column coupled to a bit line.

Neural networks are networks which process information
by modeling a network of neurons, such as neurons in a
human brain, to process information (e.g., stimuli) which
has been sensed in a particular environment. Similar to a
human brain, neural networks typically comprise multiple
neuron models to process information. The demand for
improved operating characteristics of neural networks con-
tinues to increase. Such desirable neural network operating
characteristics improvements are increased speed, capacity
and processing power of neural networks, for example.

For the reasons stated above, and for other reasons stated
below which will become apparent to those skilled in the art
upon reading and understanding the present specification,
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2

there is a need in the art for methods and devices for
improving operating characteristics of neural networks.

BRIEF DESCRIPTION OF THE DRAWINGS

FIG. 1 illustrates a schematic representation of an array of
NAND configured memory cells.

FIG. 2 illustrates a graphical representation of a neuron
model.

FIG. 3 illustrates a graphical representation of a neural
network.

FIG. 4 illustrates a schematic representation of a portion
of a memory device configured to facilitate neural network
operations according to an embodiment of the present dis-
closure.

FIGS. 5A-5D illustrate a schematic representation of a
portion of a memory device configured to facilitate neural
network operations according to an embodiment of the
present disclosure.

FIG. 6 illustrates a flow chart of a method according to an
embodiment of the present disclosure.

FIGS. 7A and 7B illustrate a schematic representation of
a portion of a memory device configured to facilitate neural
network operations according to an embodiment of the
present disclosure.

FIG. 8 illustrates a graphical representation of a neural
network according to an embodiment of the present disclo-
sure.

FIG. 9 illustrates a graphical representation of a portion of
a memory device configured to facilitate neural network
operations according to an embodiment of the present dis-
closure.

FIG. 10 illustrates a graphical representation of a portion
of a memory device configured to facilitate neural network
operations according to an embodiment of the present dis-
closure.

FIG. 11 illustrates a simplified block diagram of a
memory device coupled to a memory access device as part
of an electronic system according to an embodiment of the
present disclosure.

DETAILED DESCRIPTION

In the following detailed description of the invention,
reference is made to the accompanying drawings that form
a part hereof, and in which is shown, by way of illustration,
specific embodiments. In the drawings, like numerals
describe substantially similar components throughout the
several views. Other embodiments may be utilized and
structural, logical, and electrical changes may be made
without departing from the scope of the present disclosure.
The following detailed description is, therefore, not to be
taken in a limiting sense.

The memory array 100 shown in FIG. 1 comprises an
array of non-volatile memory cells 102 (e.g., floating gate
memory cells) arranged in columns such as series strings
104, 106. Each of the cells is coupled drain to source in each
series string 104, 106. An access line (e.g., word line)
WL0-WL31 that spans across multiple series strings 104,
106 is coupled to the control gates of each memory cell in
a row in order to bias the control gates of the memory cells
in the row. Data lines, such as even/odd bit lines BL._E 108,
BL_O 110, are coupled to the series strings and eventually
coupled to sense circuitry 130 which typically comprise
sense devices (e.g., sense amplifiers) that detect the state of
each cell by sensing current or voltage on a selected bit line.
The bit lines BL_E 108, BL._O 110 are also coupled to page
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buffers (not shown) which may comprise one or more
latches and can be programmed with data from each selected
word line, for example. The sense circuitry and page buffers
may be part of the same circuitry or the page buffers can be
separate circuitry.

Each series string 104, 106 of memory cells is coupled to
a source 112 by a source select gate 114, 116 (e.g., transistor)
and to an individual even or odd bit line BL_E, BL_O by a
drain select gate 118, 120 (e.g., transistor). The source select
gates 114, 116 are controlled by a source select gate control
line SGS 122 coupled to their control gates. The drain select
gates 118, 120 are controlled by a drain select gate control
line SGD 124.

In a typical programming of the memory array 100, each
memory cell is individually programmed as either a single
level cell (SLC) or a multiple level cell (MLC). The cell’s
threshold voltage (V,) can be used as an indication of the
data stored in the cell. For example, in an SLC, a V,0f 2.5V
might indicate a first data state while a V, of -0.5V might
indicate a second data state. An MLC uses multiple V,
ranges that each indicates a different data state. Multiple
level cells can take advantage of the analog nature of a
traditional charge storage cell by assigning a bit pattern to a
specific V, range. Single level memory cells permit the
storage of a single binary digit (e.g., bit) of data on each
memory cell. Meanwhile, multiple level cells permit the
storage of two or more binary digits per cell (e.g., 2, 3, 4, 5
bits), depending on the quantity of Vt ranges assigned to the
cell and the stability of the assigned Vt ranges during the
lifetime operation of the memory cell. By way of example,
one bit (e.g., 1 or 0) may be represented by two Vt ranges,
two bits by four ranges, three bits by eight ranges, etc

Neural networks implement methods for interpreting par-
ticular types of information (e.g., data), such as information
obtained in response to sensing a physical phenomenon
(e.g., sensing stimuli) in a particular environment, and in
response generating one or more outputs. A common goal of
neural networks is to mimic a system, such as the human
brain, so as to learn to interpret and respond to particular
stimuli. For example, human beings have an ability to
observe and identify an object even without having an exact
match in their memory of what is being observed. A person
might be able to recognize another person even though one
or more traits of the other person have changed. For
example, a person might still be able to recognize another
person even though the other person has changed their hair
color, grown or removed facial hair, etc.

Electronic systems typically are proficient at confirming
an exact match between something sensed by the system,
such as with an electronic camera, and something stored in
its memory. However, electronic systems are less proficient
at identifying and interpreting an object that might be
similar, yet somewhat different, than what the system might
have stored in its memory. Continuing with the previous
example, an electronic system might not be able to identify
a person whose image is stored in the system memory if that
person has changed their hair color or added/removed facial
hair, etc.

A typical structure of neural networks is to mimic net-
works of neurons, such as found in a human brain, by
utilizing small building blocks (e.g., neuron models) to
attempt to emulate the neurons of a neural network. FIG. 2
illustrates a graphical example of a simulated neuron (e.g.,
neuron model) used to attempt to mimic a neuron of a human
brain, for example. These neuron models are sometimes
referred to as perceptrons. The neuron model 200 comprises
a number of inputs INPUT_1-INPUT_N 202. Signals
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4

applied to these inputs might take the form of various types
of signals (e.g., sometimes referred to as features) and are
generated responsive to sensing some form of stimuli, such
as a voltage, a current or a particular data value (e.g., binary
digits), for example. The number of inputs of a particular
neuron model might be one to N. The neuron model 200
includes a function, such as a summation function 204, to
process signals received on the one or more inputs 202. For
example, the summation function 204 might perform an
addition operation on signals received at the inputs 202, for
example. The neuron model 200 further comprises a func-
tion 208 to respond to a value corresponding to the summed
inputs 206 and to generate a particular response at the output
220. Outputs of neuron models are sometimes referred to as
classes.

Various functions might be utilized for the function 208.
For example, function 208 might comprise a function to
determine if the summed value 206 is above or below a
particular threshold level. Such a threshold function might
generate a logic high output potential on the output 220 if the
summed inputs 206 are equal to or greater than the particular
threshold level and might generate a logic low potential on
the output 220 if the summed inputs 206 are below the
particular threshold level, for example. According to one or
more embodiments of the present disclosure, the function
208 might comprise a sigmoid function, wherein the sig-
moid function might be expressed as f(x)=1/(1+e™’), where
A might comprise some constant value. Thus, the function
208 might comprise a non-linear function. The generated
output value at the output 220 can be applied to one or more
additional neuron models (e.g., such as to inputs 202 of
different neuron models) which comprise a neural network
of neuron models according to various embodiments of the
present disclosure.

FIG. 3 illustrates a graphical representation of a neural
network 300. The neural network shown in FIG. 3 comprises
an input stage 304, a first level of neuron models N1, N2
306, a second level of neuron models N3, N4 308 and an
output stage 310. Neural networks according to various
embodiments can comprise many more than two inputs and
two outputs. Neuron model N1 302 might comprise a neuron
model such as neuron model 200 shown in FIG. 2. The
arrows indicated at 316 might correspond to INPUT_1 202,
and INPUT_2 202, shown in FIG. 2, whereas the output 220
of neuron model 200 is indicated at 320 shown in FIG. 3. As
discussed with respect to output 220 of FIG. 2, the output
320 of neuron model 302, might be applied to one or more
different neuron models of the network such as indicated by
arrows 322. Thus, the output of each neuron model of a first
level (e.g., LEVEL 1 306) is applied to an input of each
neuron model of a second level (e.g., LEVEL 2 308) of the
neural network 300, for example. This can be referred to as
a feed-ward design neural network.

The input stage 304 comprising initial input signals (e.g.,
VIN1, VIN2) to the neural network 300 may have been
supplied by additional circuitry of an electronic system
incorporating the neural network. Each input node 312
might comprise circuitry such as registers and/or driver
circuits, for example. The output stage 310 is configured to
transfer neural network output values to additional circuitry
of the electronic system. Output nodes 314 might comprise
circuitry such as registers and/or driver circuits, for example.

Memory devices and methods according to various
embodiments of the present disclosure include operating
memory cells of a memory array as one or more neuron
models such as to facilitate a neural network in the memory
device. The memory array might comprise a NAND con-
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figured array of charge storage (e.g., Flash) memory cells,
for example. FIG. 4 illustrates a portion of an array 400 of
NAND configured memory cells 410-416 according to vari-
ous embodiments of the present disclosure. The memory
cells 410-416 can be charge storage memory cells, for
example. A first string of memory cells 402 is coupled to a
bit line BL. 408. A second string of memory cells 404 is
coupled to the same bit line BL 408. Although FIG. 4
illustrates two strings of memory cells 402, 404, various
embodiments according to the present disclosure might
comprise one or more strings of memory cells coupled to a
bit line. Bit line 408 is coupled to sense circuitry 430. Sense
circuitry 430 might comprise sense amplifiers, comparators
and data latches. For example, the sense circuitry 430 can
latch single or multiple bits of data corresponding to a
current or voltage sensed on the bit line BL. 408 during a
sense operation (e.g., read operation) performed on one or
more memory cells coupled to the bit line 408.

According to various embodiments of the present disclo-
sure, a neuron model as facilitated in a NAND array of
memory cells may comprise one or more concurrently
selected memory cells of one or more strings of memory
cells coupled to a common bit line. The number of inputs of
a neuron model might equal the number of selected strings
comprising a selected memory cell which are coupled to the
same bit line. For example, one or more two input neuron
models may be described by way of reference to FIG. 4. A
two input neuron model might comprise a selected memory
cell from string 402 and concurrently a selected memory cell
from string 404, such as memory cells 410, and 410, for
example. A three input neuron model might comprise a
selected memory cell from string 402, a selected memory
cell from string 404 and a selected memory cell from a third
string of memory cells (not shown) where each string is
coupled to the same bit line, such as BL 408, for example.
An output of the neuron model might comprise a signal
generated on an output line 432 coupled to the sense
circuitry 430, for example.

A memory cell of each of one or more strings of memory
cells coupled to the same bit line can be selected to collec-
tively form a portion of a neuron model. Thus, the neuron
model might comprise a selected memory cell from one or
more strings of memory cells, a bit line coupled to each of
the selected strings of memory cells and the sense circuitry
coupled to the bit line. For example a neuron model accord-
ing to various embodiments of the present disclosure might
comprise selected memory cells 412, and 412, bit line 408
and the sense circuitry 430. A different neuron model might
comprise selected memory cells 414, and 414, the bit line
408 and sense circuitry 430, for example.

The operation of a neuron model incorporating one or
more memory cells of one or more strings of memory cells
might be further described by way of example. Word lines
of a first sector of memory, such as Sector J 420, can be
driven independently from word lines of a second sector,
such as Sector J+1 422. Word lines of sectors 420, 422 are
driven by word line drivers (not shown) coupled to the word
lines. To operate the memory array 400 as a first neuron
model, a memory cell from string 402 and a memory cell
from string 404 are selected. For example, memory cells
410, and 410, might comprise the memory cells of a first
neuron model having two inputs. It should be noted that each
of'the memory cells of string 402 and/or each of the memory
cells of string 404 may have been programmed to a respec-
tive one of a number of different data states during a
previous operation of the memory device.
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The word lines 420, and 420, coupled to the selected
memory cells 410,, 410, might each be biased to a first
potential and to a second potential, respectively. The first
potential and the second potential comprise input potentials
for the particular neuron model presently operating. The
input potentials might comprise inputs received by a
memory device as initial inputs for the neural network to act
upon. Alternatively, the input potentials may comprise out-
put signals generated previously by other neuron models of
the memory device, for example. The signals (e.g., input
potentials) applied to the word lines coupled to the selected
memory cells might have been subject to some amount of
signal conditioning prior to being applied to the word lines.
The remaining word lines of each string (e.g., other than
those coupled to selected memory cells) might be biased at
a potential (e.g., Vpass potential) sufficient to cause the
coupled memory cells to be activated (e.g., conduct) regard-
less of their respective data states.

During a sense operation, BL. 408 might be pre-charged to
a particular level prior to concurrently applying the first and
second input potentials to the two selected memory cells
410,, 410, comprising the first neuron model. As discussed
above, unselected memory cells of strings 402 and 404 are
operated in a pass through mode to conduct regardless of any
data state they might be in. Thus, the amount of current
present on the bit line BL. 408 during the sense operation is
dependent upon the data states of the two selected memory
cells and the potentials (e.g., input potentials) applied to
their respective word lines. For example, the bit line current
on BL 408 comprises a sum of the current, if any, flowing
through each string of memory cells responsive to the
conductive state of the selected memory cells of strings 402
and 404. As discussed above, unselected memory cells of
strings 402 and 404 are operated in a pass through mode to
conduct regardless of any data state they might be in.

Sense circuitry 430 is configured to respond to the bit line
current and generate an output responsive to the bit line
current. The generated output might comprise various types
of signals. The output signal might comprise a particular
voltage level. The generated output signal might comprise a
digital representation (e.g., one or more bits) representative
of'the current sensed in the bit line BL. 408, for example. The
generated output signal might then be applied to an input of
one or more different neuron models and/or to an output of
the neural network, for example.

A second neuron model (e.g., different neuron model than
the neuron model comprising memory cells 410,, 410,
described above) might be facilitated utilizing the same
strings of memory cells 402, 404 coupled to the same bit line
BL 408 shown in FIG. 4. However, a different memory cell
of each string is selected for facilitating the second neuron
model. For example, memory cells 412, and 412, might
comprise the selected memory cells for the second neuron
model and the remaining memory cells of each string are
operated in a pass through mode when performing a sense
operation on the second neuron model. A third neuron model
might be facilitated by selecting memory cells 414, and 414,
and operating the remaining memory cells of each string in
pass through mode. Thus, the number of neuron models
which can be facilitated by one or more strings of memory
cells coupled to the same bit line might be equal to the
number of memory cells comprising each string, for
example.

The number of inputs (e.g., such as up to INPUT_N 203,
shown in FIG. 2) of each neuron model might comprise the
number of selected strings of memory cells coupled to the
same bit line. For example, FIG. 4 illustrates two selected
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strings of memory cells 402, 404 where each selected string
comprises four memory cells. Thus, four different neuron
models each having two inputs might be facilitated using the
two strings of memory cells 402, 404 shown in FIG. 4.
However, the strings of memory cells can comprise one or
more memory cells, such as 64, 128 or more memory cells
per string according to various embodiments of the present
disclosure. Thus, the number of inputs of each neuron model
can be assigned by selecting a particular number of strings
of memory cells coupled to the same bit line. It should be
noted that not all memory cells of each string of memory
cells and not all strings of memory cells coupled to the same
bit line must be selected to comprise one or more neuron
models. A number less than the number of memory cells
comprising each string might be selected and a number of
strings less than the total number of strings coupled to the
same bit line might be selected, for example.

FIGS. 5A-5D illustrate a portion of a memory device 500
according to various embodiments of the present disclosure.
FIG. 5A illustrates four strings of memory cells 502-508.
Each string of memory cells is coupled between a bit line
510, 512 and a source 514. Each string 502-508 comprises
four memory cells per string, although various embodiments
are not limited to four memory cells per string. Each bit line
510, 512 is coupled to sense circuitry 516 and 518, respec-
tively. The sense circuitry 516, 518 might comprise circuitry
configured to sense a particular current and/or voltage
present on the associated bit line. Sense circuitry 516, 518
might further comprise one or more registers to store par-
ticular data values (e.g., bits) representative of a current
and/or voltage sensed on the associated bit line, for example.
The sense circuitry 516, 518 are further configured to drive
an output line 520, 522, respectively. The output lines 520,
522 might comprise one or more signal lines each or might
be combined to form a bus (e.g., serial or parallel bus) for
example. Output signals presented on the output lines 520,
522 might comprise discrete signals (e.g., logic high, logic
low) or might comprise analog signals, such as a particular
voltage within a certain range of voltages, for example. In a
5V system the output signals might either be OV or 5V in a
digital representation whereas the output signals might be
any voltage from OV to 5V in an analog system, for example.

The memory device illustrated in FIG. SA further illus-
trates a controller 530. The controller 530 comprises an
access line (e.g., word line) register 532. The word line
register 532 can be configured to store data representative of
particular voltages to be applied to word lines 524, 526
coupled to the strings of memory cells 502-508 during
operation of the memory device, for example. Controller
530 further comprises word line drivers 534, 536. The word
line drivers 534, 536 are configured to generate and apply
particular voltages to the word lines 524, 526, such as
responsive to data stored in the word line register 532,
during operation of the memory device 500. Controller 530
might further comprise an input/output (e.g., bi-directional)
interface 538 configured to transfer and/or receive data and
or commands into and out of the controller 530, for example.
Interface 538 may comprise a multi-signal bus, for example.

A method of facilitating a neural network in a memory
device according to one or more embodiments of the present
disclosure can be described by way of reference to FIG. 2,
FIG. 3 and FIGS. 5A-5D. The strings of memory cells
502-508 shown in FIG. 5A may have been programmed to
particular data states (e.g., which define operating charac-
teristics of the neural network) during a previously per-
formed memory device operation. A neural network com-
prising two inputs and four levels where each neuron model
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of the network comprises two inputs can be described by
reference to FIGS. 5A-5D. Two input values (e.g., initial
input) are received by the word line register 532, such as
received over the interface 538. The two input values might
comprise data values each comprising one or more bits of
data, for example. The word line register 532 facilitates the
configuration of the word line drivers 534, 536 responsive to
the received input values.

The first level of neuron models of FIG. 5A, such as
similar to neuron models N1, N2 306 shown in FIG. 3, might
be illustrated by the dashed lines 540 and 542 shown in FIG.
5A, respectively. The dashed line region, such as 540 is
representative of a first neuron model N1 302, such as
shown in FIG. 3 The dashed line region 542 is representative
of a second neuron model, such as N2 302,. The input nodes
to the neuron model 540 might be represented by the word
lines 524,, 526, coupled to the two selected memory cells
comprising the neuron model 540. The output 520 of the
neuron model 540 might be represented by the output signal
line 220 of FIG. 2, for example.

During a first sense (e.g., read) operation of the neural
network illustrated by FIG. 5A, the word lines 524,, 526,
coupled to the first level neuron models 540 and 542 are
biased by the word line drivers 534, 536 with potential
responsive to the two input values initially received and
stored in the word line register 532. The remaining word
lines are biased to a Vpass potential to activate each unse-
lected memory cell of the memory cell strings. Sense
circuitry 516, 518 performs a sense operation on the bit lines
BL1 510 and BL.2 512. The current and/or voltage sensed on
the bit lines will be dependent on the word line bias applied
to each memory cell of the two neuron models and the
respective data state of each memory cell of each neuron
model. For example, the current sensed on BL.1 510 might
correspond to the sum of current flowing through the two
memory cells (shown enclosed by dashed line 540) of
neuron model 540 from BL1 to the source 514 while word
lines 524, and 526, are biased with the two initial input
potentials. A data value representative of the current sensed
in BL1 510 during the first read operation might be latched
in the sense circuitry 516 and transferred over the output
signal line 520, for example. The data value representative
of'the current sensed in BL.1 510 might comprise a single bit
data value (e.g., a ‘1’ or ‘0”). Alternatively, the data value
may comprise a multi-bit value, such as a four bit data value,
for example. The data value latched in the sense circuitry
516 may be transferred over the output signal line 520 in a
serial or parallel manner. A similar sense operation as
described above with respect to BLL1 510 is concurrently
performed on the bit line BL2 512 according to various
embodiments of the present disclosure.

Upon completion of the first sense operation of the neuron
models 540 and 542, the word line register 532 receives the
sensed data values transferred over the output signal lines
520, 522 and stores them in the word line register. A second
sense operation is then performed on a second level of
neuron models. The second level of neuron models are
represented (e.g., by dashed lines) by neuron models 544,
546 shown in FIG. 5B. For example, the two neuron models
544, 546 shown in FIG. 5B might be representative of the
neuron models N3, N4 shown in LEVEL 2 308 of FIG. 3, for
example.

During the second sense operation of the neural network
illustrated by FIG. 5B, the word lines 524,, 526, coupled to
the memory cells of the second level neuron models 544 and
546 are biased by the word line drivers 534, 536 with
potentials responsive to the two output data values trans-
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ferred by the sense circuitry 516, 518 to the word line
register 532 following the completion of the first sense
operation. The remaining word lines coupled to unselected
memory cells might be biased to a Vpass potential to operate
the remaining memory cells in a pass through mode. Sense
circuitry 516, 518 performs a sense operation on the bit lines
BL1 510 and BL2 512 as part of the second sense operation.
Data values representative of the current sensed in the bit
lines during the second sense operation are latched in the
sense circuitry 516, 518 and are transferred over the output
signal lines 520, 522 to the word line data register 532. The
current and/or voltage sensed on the bit lines BL1, BL.2 will
be at least partially dependent on the word line potential
applied to each memory cell of the two neuron models 544,
546 and the respective data state of each of the selected
memory cells comprising the two neuron models 544, 546.

A third sense operation is illustrated by way of reference
to FIG. 5C, such as to facilitate a third level of the neural
network not shown in FIG. 3 but similar to LEVEL 2 308
shown in FIG. 3. It should be noted that FIG. 3 only
illustrates a two level neural network in contrast with a four
level neural network shown and described with respect to
FIGS. 5A-5D. During the third sense operation of the neural
network illustrated by FIG. 5C, the word lines 524, 526,
coupled to the third level neuron models 548 and 550 are
biased by the word line drivers 534, 536 with potentials
responsive to the two output data values transferred by the
sense circuitry 516, 518 to the word line register 532
following the completion of the second sense operation. The
remaining word lines coupled to unselected memory cells
might be biased to a Vpass potential to operate the remaining
memory cells in a pass through mode. Sense circuitry 516,
518 performs a sense operation on the bit lines BL.1 510 and
BL2 512 as part of the third sense operation. Data values
representative of the current sensed in the bit lines during the
third sense operation are latched in the sense circuitry 516,
518 and are transferred over the output signal lines 520, 522
to the word line data register 532, for example. The current
and/or voltage sensed on the bit lines BLL1, BL.2 will be at
least partially dependent on the word line bias applied to
each memory cell of the two neuron models 548, 550 and the
respective data state of each memory cell comprising the
two neuron models 548, 550.

A fourth sense operation is illustrated by way of reference
to FIG. 5D, such as to facilitate a fourth level of the neural
network similar to LEVEL 2 308 shown in FIG. 3. During
the fourth sense operation of the neural network illustrated
by FIG. 5D, the word lines 524, 526, coupled to the fourth
level neuron models 552 and 554 are biased by the word line
drivers 534, 536 with potentials responsive to the two output
data values transferred by the sense circuitry 516, 518 to the
word line register 532 following the completion of the third
sense operation. The remaining word lines coupled to unse-
lected memory cells might be biased to a Vpass potential to
operate the remaining memory cells in pass through mode.
Sense circuitry 516, 518 performs a sense operation on the
bit lines BLL1 510 and BL2 512 as part of the fourth sense
operation. Data values representative of the current sensed in
the bit lines during the fourth sense operation are latched in
the sense circuitry 516, 518 and are transferred over the
output signal lines 520, 522 to the word line data register
524, for example. The current and/or voltage sensed on the
bit lines BL.1, BL.2 will be at least partially dependent on the
word line bias applied to each memory cell of the two
neuron models 552, 554 and the respective data state of each
memory cell of the two neuron models.
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Upon completion of the fourth sense operation of the
neural network, the output data values, such as generated by
sense circuitry 516, 518 during the fourth sense operation,
might be transferred from the sense circuitry registers to the
word line register 532 as discussed above. The word line
register 532 can transfer the data values from the word line
register over the bidirectional interface 538 to another
portion of the memory device (not shown) such as control
logic or to a memory access device (e.g., processor) coupled
to the memory device, for example. According to additional
embodiments, the output data values generated responsive to
the fourth sense operation might be made available as input
values to another neural network within the memory device,
such as located in different sectors, pages or blocks of
memory, for example. Thus, the output data values of a first
neural network might comprise the input values for a second
neural network within the memory device according to
various embodiments of the present disclosure.

Although the example discussed with respect to FIGS.
5A-5D illustrated neural network sense operations wherein
each memory cell of each string is included within a neuron
model, the various embodiments are not so limited. Further,
the example illustrated and discussed with respect to FIGS.
5A-5D comprises a four level neural network having two
input neuron models with two neuron models per level.
However, many different configurations of neural networks
might be facilitated according to various embodiments of the
present disclosure. For example, the configuration of a
particular neural network might be assigned by selecting a
number of variables to define the network. The number of
inputs per neuron model might be assigned by selecting a
number of strings of memory cells coupled to each of one or
more selected bit lines. For example, a two input neuron
model might concurrently comprise a selected memory cell
from two strings of memory cells coupled to the same bit
line. A three input neuron model might concurrently com-
prise a selected memory cell from three strings of memory
cells coupled to the same bit line, etc. The number of neuron
models per level (e.g., two neuron models per level as shown
in FIG. 3) might be assigned by selecting a number of bit
lines coupled to strings of memory cells. A number of levels
of a particular neural network (e.g., 2 levels as shown in
FIG. 3) can be assigned by selecting a number of memory
cells of each string which will be selected as part of each
neuron model. A four level neural network, such as dis-
cussed with respect to FIGS. 5A-5D can be facilitated with
strings of memory cells having at least four memory cells
per string, a 64 level neural network can be facilitated with
strings of memory cells comprising at least 64 memory cells
per string, etc.

The operating characteristics of a neural network accord-
ing to various embodiments of the present disclosure might
be at least partially defined by programming the memory
cells used in neuron models comprising the neural network
to various data states. The respective data state (e.g., thresh-
old voltage Vt) of individual memory cells can facilitate a
weighting function respective to inputs applied to the
memory cells. For example, a higher Vt of a memory cell
will require a higher input potential be applied to activate the
memory cell. These data states might be determined in
various ways. For example, the data states might be deter-
mined by applying particular stimuli to the neural network,
such as in a laboratory environment, to determine a particu-
lar programming pattern of the memory cells which gener-
ates one or more desired operating characteristics of the
neural network. This is sometimes referred to as a learning
phase for the neural network. It should be noted that one or
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more methods of facilitating weighting effects in a memory
device, such as to affect currents sensed on bit lines of
memory devices, is disclosed in 61/625,286, which is com-
monly assigned.

Operating characteristics of neural networks according to
various embodiments of the present disclosure might further
be established by configuring the sense circuitry of the
memory device. For example, the sense circuitry (e.g., sense
circuitry 516, 518 shown in FIG. 5A) can be configured to
affect the manner in which output data corresponding to
currents sensed during read operations are determined. For
example, the gain of amplifier circuitry comprising the sense
circuitry might be adjusted. The gain might be permanently
configurable. The gain might also be set, such as at power up
of the memory device, responsive to setting a value in a
register or other controlling circuitry wherein the value is
representative of a desired gain setting to be utilized.

Particular neuron models have been described comprising
strings of memory cells coupled to a single bit line. How-
ever, a particular neuron model might be facilitated by
memory cell strings coupled to more than one bit line. For
example, the current sensed on two or more bit lines might
be combined (e.g., summed) to generate a single data output
for the particular neuron model comprising the two bit lines.
Combining the outputs generated from sensing two bit lines
might facilitate improved sensing margin and reduce issues
such as current saturation effects during sense operations, for
example.

As discussed above, FIG. 5A illustrates two neuron mod-
els as indicated by 540 and 542. However, according to one
or more embodiments the output data values transferred on
output signal lines 520 and 522 might be combined (e.g.,
summed) to generate a single output data value for the
particular neuron model. For example, the summed output
data value might comprise a value representative of the sum
of the current sensed on bit lines 510 and 512. Thus, a
number of inputs assigned to a particular neuron model
might comprise the number of selected bit lines associated
with the particular neuron model multiplied by the number
of selected strings coupled to each selected bit line. For
example, by combining the outputs of the two neuron
models 540 and 542, a single four input neuron model might
be realized.

Similar to combining the output data generated responsive
to sensing two or more bit lines to generate a single output
data value discussed above, two or more word lines coupled
to each string might be biased with input data during a sense
operation according to various embodiments of the present
disclosure. Remaining word lines coupled to unselected
memory cells of the string of memory cells might be biased
to a Vpass potential as discussed above. For example,
referring to FIG. 4, a first neuron model might comprise
selected memory cells 410, and 412, of string 402 and
selected memory cells 410, and 412, of string 404 along
with BL. 408 and sense circuitry 430. Thus, during a first
sense operation on the first neuron model, word lines 420,
422, 420, and 422, might be biased with potentials repre-
sentative of initial input data to the neural network. A second
neuron model might comprise selected memory cells 414,
and 416, of string 402 and selected memory cells 414, and
416, of string 404 along with BL 408 and sense circuitry
430. Thus, during a second sense operation, word lines 424,
426,, 424, and 426, might be biased with potentials gener-
ated responsive to output data generated during the first
sense operation. The first and second sense operations might
be performed to sense a current or a voltage on the BL. 408
during the sense operation, for example.
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Although the present example discusses two word lines
coupled to two selected memory cells per string being biased
during a particular sense operation, the various embodi-
ments are not so limited. For example, one or more word
lines coupled to one or more selected memory cells per
string of memory cells might be biased during a particular
sense operation performed on the neural network, for
example. A method of biasing two selected memory cells of
the same string of memory cells and facilitating a sense
operation on a bit line coupled to the string is disclosed in
61/602,249, which is commonly assigned. As discussed
above, remaining memory cells (e.g., unselected memory
cells) of each string might be biased to a Vpass potential to
operate the unselected memory cells in a pass through mode
during each sense operation performed on the neural net-
work, for example.

FIG. 6 illustrates a flow chart of a method of operating a
memory device as a neural network, such as illustrated in
FIGS. 3 and 5A-5D according to one or more embodiments
of the present disclosure. Referring to FIG. 6, a portion of a
memory array of a memory device might be configured (e.g.,
partitioned) 600 to facilitate a neural network. The partition
might comprise the entire array of memory cells or might
comprise a part of the memory array. For example, portions
of particular blocks, sectors, pages and/or strings of memory
cells can be configured to facilitate a neural network oper-
ating mode according to various embodiments of the present
disclosure. Portions of the array not configured to facilitate
a neural network might be operated as a standard memory
storage device, for example.

A programming operation can be performed 602 on
memory cells of one or more neural network partitions of the
memory device. The memory cells might be programmed as
single level memory cells and/or multi level memory cells.
The data states of the memory cells might have been
previously determined in order to facilitate a particular
operating characteristics which the neural network is to
exhibit. The partitioning and programming of the memory
array is performed prior to operating the memory device in
a neural network operating mode according to various
embodiments of the present disclosure.

The data programmed in the array of memory cells might
be generated by performing an operation to model a system
that the neural network is intended to emulate. For example,
the desired response characteristics of the system responsive
to particular stimuli (e.g., inputs) might be modeled in a
laboratory setting. A particular data set can be generated
which when programmed into a memory device according to
various embodiments of the present disclosure mimics the
response of the system modeled in the laboratory. Thus, the
operating characteristics of a neural network can be changed
by changing the data state of one or more memory cells
comprising the neural network, for example.

Subsequent to partitioning 600 and programming 602 the
memory array comprising the neural network, the memory
device might receive an indication, such as a command from
a memory device controller coupled to the memory device,
to access the neural network partition of the device. The
command might comprise a command to access the neural
network along with one or more signals as input values to
the neural network. The received input values 604 are used
to facilitate a first sense operation on the neuron models of
a first level (e.g., LEVEL 1 306 shown in FIG. 3 and/or FIG.
5A) of neural models of the neural network.

A sense operation is performed 606 on the neural models
of the first level of neural models responsive to the received
inputs 604. Output signals (e.g., output data) are generated
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608 responsive to the sense operation performed 606 on the
first level of neural models. The generated output data of the
first level of neural models is transferred 610 to a controller,
such as controller 530 shown in FIG. 5A. Word line drivers
generate word line voltages responsive to the received
neural network LEVEL 1 output data and bias the word lines
of'the array to perform another (e.g., second) sense operation
on a second level of neural models of the neural network.
Thus, the memory cells of the neural models of the second
level of neural network receive 612 their respective inputs
by the potential of the word lines generated responsive to the
output data generated during the first sense operation.

A second sense operation 614 of the neural models
comprising the second level of neural models can be per-
formed. Output signals (e.g., output data) are generated 616
responsive to the second sense operation performed 614 on
the second level of neural models. If it is determined 618 that
additional levels of neural models comprise the neural
network 620, the generated output signals of the second
level of neural models can be output 622 to the controller to
facilitate another (e.g., third) sense operation on a third level
of neural models of a third level of the neural network, and
so on. Thus, according to various embodiments, output data
generated during a first sense operation on a first level of a
neural network is utilized to determine the inputs to be
applied to neuron models of a second level of the neural
network during a second sense operation. The output data
generated during the second sense operation is utilized to
determine the inputs to be applied to neuron models of a
third level of neuron models of the neural network, and so
on. This process might repeat until no additional levels of
neuron models remain to be facilitated in the neural network.
Thus, as discussed above, the data state of each memory cell
of the neuron models comprising the neural network affect
the output data generated during each sense operation
thereby defining the operating characteristics of the neural
network. Neural networks according to various embodi-
ments can have an associated number representative of the
levels of neural models comprising a neural network, such
as a number ‘P’ levels of neural models, for example. Thus,
a counter might be maintained by the controller where the
counter value can be compared to the number P levels of
neural models in determining 618 if additional levels of a
neural model remain to be sensed, for example. The number
of' neuron levels P for a neural network might be loaded into
the controller during initialization of the memory device, for
example.

If it is determined 618 that no additional levels of neural
models remain to be facilitated 624, the generated output
data of the last level of neural models might be transferred
from the neural network 626 as neural network output data.
The transferred neural network output data can be trans-
ferred to additional circuitry of the memory device, such as
data registers or other controlling circuitry configured to
store the transferred neural network output data, for
example.

FIG. 7A illustrates a portion of a memory device 700
according to various embodiments of the present disclosure.
FIG. 8 illustrates a graphical representation of a neural
network corresponding to the memory device 700 shown in
FIG. 7A. FIG. 8 illustrates a ‘P’ level 810 (e.g., comprising
levels 1-P) neural network 800. Each of the P levels (e.g.,
LEVEL 1-LEVEL P 806-810) of the neural network 800
comprise ‘N’ neuron models 802. The input stage 804 of the
neural network model 800 further comprises ‘M’ input
nodes 814. The output stage 812 comprises ‘R’ output nodes
820 according to various embodiments of the present dis-
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closure. The set of variables M, N, P and R might have equal
values. However, according to one or more embodiments, a
subset of the set of variables M, N, P and R might be equal
or each variable might have different values, for example.

The memory device 700 shown in FIG. 7A comprises an
array of memory cells (e.g., flash memory cells), such as
memory cell 702 logically arranged in rows and in columns,
and further arranged into strings 704 (e.g., NAND strings) of
memory cells. The memory device 700 comprises N bit lines
BL1-BLN 706, where each bit line has M strings of memory
cells coupled to it, for example. Each string of memory cells
comprises P memory cells per string where each memory
cell of each string are coupled source to drain between the
coupled bit line and a source. The number of memory cells
P per string might be 32, 64, 128 or more memory cells, for
example.

The memory device 700 of FIG. 7A further comprises a
word line register 710 and ‘M’ word line driver circuits 712.
Sense circuitry 714 is coupled to each bit line 706 of the
memory device shown in FIG. 7A. The sense circuitry 714
is configured to sense a voltage and/or current on the
coupled bit line during a sense (e.g., read) operation, for
example. The sense circuitry is further configured to store
(e.g., latch) a data value representative of a voltage and/or
current sensed on the coupled bit line during a sense
operation. The data value might be stored in a register 716
in the sense circuitry, such as a data latch. The sense circuitry
data register might be configured to store one or more binary
digits (e.g., bits) of data representative of the voltage and/or
current sensed on the coupled bit line. For example, the
sense circuitry data register 716 might comprise four latches
configured to collectively store a four bit (e.g., ‘0000’-
‘1111°) representation of the sensed voltage and/or current,
for example.

FIG. 7A further illustrates a configuration of a number of
neuron models of a neural network, such as the LEVEL 1
neuron models 806 shown in FIG. 8, according to various
embodiments of the present disclosure. Each neuron model
720, 722, 724 shown in FIG. 7A is indicated by the dashed
lines enclosing a memory cell from each string coupled to a
bit line and further coupled to sense circuitry. By way of
example, the number of neuron models indicated by dashed
lines in FIG. 7A might comprise a first level of the neural
network as indicated by the selection of the first memory cell
of each string of memory cells coupled to each bit line
BL1-BLN 706. For example, the neuron models 720-724
indicated by dashed lines shown in FIG. 7A might corre-
spond to neuron models 802,-802,, shown in FIG. 8, respec-
tively.

The number of input data values which can be applied to
each neuron model 720-724 comprises in one embodiment
the number of strings of memory cells coupled to each bit
line and selected for operation in the neural network. Each
neuron model comprises a particular number of inputs, such
as inputs 202 shown in FIG. 2. Thus, each input of each
neuron model might comprise each word line coupled to
each memory cell comprising each neuron model according
to various embodiments of the present disclosure. Thus, the
number of input data values applied to one or more neuron
models might comprise one through and including M inputs
as there are one through M strings of memory cells coupled
to each bit line. Thus, each neuron model 720-724 as shown
in FIG. 7A and represented by dashed lines, might comprise
M inputs.

The number of neuron models per level might be one
through and including N neuron models per level of the
neural network, for example. A number of neuron models
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per level of a neural network according to various embodi-
ments, such as a first level (e.g., LEVEL 1 806 shown in
FIG. 8) of a neural network indicated in FIG. 7A, might
comprise up to and including the number of selected bit lines
706. As shown in FIG. 7A, the number of neuron models per
level of the neural network might comprise N neuron models
per level as the dashed lines representing neuron models
720-724 indicate that N bit lines are selected, for example.
However, as discussed above, results of sense operations
performed on two or more bit lines might be combined to
generate a single output value. Thus, the number of neuron
models per level might comprise N bit lines divided by the
number of bit lines to be combined to generate a single
output. For example, 100 bit lines might be selected for a
particular neural network where the sensed output of pairs of
bit lines are to be combined. Thus, the number of neuron
models per level might be 50 neuron models, for example.

FIG. 7B illustrates the same neural network facilitated in
an array of memory such as that shown in FIG. 7A. FIG. 7B
illustrates the neuron models 730-734 of the neural network
comprising the last level of the neural network. For example,
the neuron models of the last level are indicated and com-
prise memory cells selected during a final sense operation
performed on the neural network (whereas FIG. 7A illus-
trates the neuron models 720-724 selected during a first
sense operation performed on the neural network, for
example.) As there are P memory cells per string of memory
cells as discussed above, the neuron models 730-734 indi-
cated in FIG. 7B might be neuron models selected during a
‘Pth’ sense operation performed on the neural network, for
example.

The size of a particular neural network that can be
facilitated according to one or more embodiments of the
present disclosure might be further described by way of
example and reference to FIG. 7A. A memory device might
comprise an array of memory cells comprising 1000 bit
lines, such as N bit lines BL1-BLN 706 shown in FIG. 7A.
The same array might further comprise 1000 strings of
memory cells coupled to each of the 1000 bit lines, such as
the M strings 704 of memory cells coupled to each bit line
as shown in FIG. 7A. Each string of the 1000 strings of
memory cells might comprise 64 memory cells, such as P
memory cells 702 per string shown in FIG. 7A. Thus, the
particular neural network according to one or more embodi-
ments might facilitate up to 1000 inputs, up to 64 neuron
levels with 1,000,000 interconnections between neurons of
each level (e.g., as indicated at 830 of FIGS. 8), and 1000
outputs of the neural network, for example.

As discussed above with respect to FIGS. 5A-5D, fol-
lowing each sense operation performed on the neural net-
work shown in FIGS. 7A and 7B, an output data value is
determined for each bit line (e.g., neuron model at each level
of the neural network) and is stored in the data register 716
of the sense circuitry 714 coupled to each bit line 706. Each
stored output value can be fed back to (e.g., transferred to)
the word line data register 710. The word line drivers 712
can be configured to apply potentials to the word lines to
facilitate the next sense operation on a next level of neuron
models of the neural network. For example, the data output
values generated during a previous sense operation can be
utilized to facilitate generating the word line potentials to be
applied during the next sense operation performed on a next
level of the neural network. The word line potentials are
generated and applied during a current sense operation
responsive to the output data values received from the sense
circuitry as determined during a previous sense operation.
Thus, the output data values determined during a first sense
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operation are utilized by the word line register 710 and word
line drivers 712 to facilitate the generation and application
of word line potentials during a second sense operation
following the first sense operation. The output data values
determined during the second sense operation are utilized by
the word line register 710 and word line drivers 712 to
facilitate generation and application of word line potentials
utilized during a third sense operation following the second
sense operation, and so on.

Following the final sense operation to be performed on a
particular neural network, the output data values might be
transferred from the word line data register 710 over a
bi-directional communications interface 740, such as to
other portions of the memory device and/or out of the
memory device, such as to a memory access device coupled
to the memory device as part of an electronic system, for
example. Between each sense operation, the output data
values might be transferred to other portions of the memory
device.

Application of the various word line potentials might be
facilitated by various methods according to one or more
embodiments of the present disclosure. The applied poten-
tials might comprise a static application of one or more
potentials to the various word lines. For example, one or
more word lines coupled to unselected memory cells might
be biased with a Vpass potential during a sense operation
performed on a selected memory cell of one or more strings
of memory cells. The potential applied to selected memory
cells can comprise a static potential applied to the selected
word lines, for example. According to one or more embodi-
ments, the potential applied to one or more selected memory
cells might comprise an increasing (e.g., stepped or ramped)
potential or might comprise a decreasing (e.g., stepped or
ramped) potential applied during the particular sense opera-
tion.

As discussed above, the current sensed on more than one
bit line might be combined to generate a single output. For
example, an output data value for a particular neuron model
might comprise a combination of output data values of two
or more bit lines. For example, referring to FIG. 7A, the
output data values generated by the sense circuitry 714
coupled to BL1 and BL.2 might be combined (e.g., summed)
to generate a single value to be transferred to the word line
register 710 An effect of combining the output data values of
more than one bit line may be a reduction in saturation (e.g.,
current saturation) of currents sensed on bit lines. Thus, an
increase in sensing resolution and/or sensitivity might be
realized by neuron models comprising more than one bit line
and subsequently combining the results of the sense opera-
tions performed on the two or more bit lines of the neuron
models.

Word line drivers, such as those described with respect to
FIG. 7A-7B, are configured to facilitate various memory
device operations, such as sense (e.g., read), write and erase
operations. The word line drivers 712 are configured to
apply particular potentials to particular word lines respon-
sive to data latched in the word line data registers 710. The
data stored in the word line data register corresponding to a
particular word line might indicate one or more of a sense
(e.g., read) potential, programming (e.g., write) potential
and/or erase potential that is to be applied to the particular
word line. A voltage supply Vs 742 might provide sixteen
different voltages, although various embodiments according
to the present disclosure are not limited to sixteen voltages.
The word line drivers 712 can be configured to selectively
apply any of the sixteen available voltages where each
available voltage is represented by a four bit data value (e.g.,
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‘0000’-°1111") which is stored in the word line register 710
location associated with the particular word line driver, for
example.

Data corresponding to word line potentials to be applied
to particular word lines which is stored in the word line data
register 710 might be changed during the execution of a
particular memory device operation thereby facilitating
applied word line voltages that vary over at least a portion
of a duration of the particular memory device operation. For
example, these time varying voltages might comprise an
increasing or decreasing potential (e.g., stepwise increasing
potential and/or stepwise decreasing potential) on one or
more word lines during the particular memory device opera-
tion. The word line drivers 712 may be further configured to
apply one or more time varying voltages on corresponding
word lines while concurrently maintaining steady state volt-
ages on one or more different word lines, for example. An
example of a steady state potential which might be applied
during a read operation might comprise a potential that when
applied to memory cells (e.g., unselected memory cells),
those memory cells are activated (e.g., exhibit a conductive
state) regardless of their data state (e.g., as represented by a
programmed threshold voltage) of the memory cells. These
potentials facilitate operating one or more unselected
memory cells in a pass-through mode.

FIG. 9 illustrates a simplified diagram of a neuron model
according to one or more embodiments of the present
disclosure. By way of example, FIG. 9 illustrates five bit
lines BLO-BL4 902. FIG. 9 further illustrates an additional
bit line BLS1 904. Each bit line shown in FIG. 9 902, 904
is coupled to sense circuitry 906, such as sense circuitry 714
discussed above with respect to FIG. 7A, for example. The
sense circuitry 906 coupled to each bit line comprises a
signal conditioning circuitry portion 908 and a register
portion 910 configured to latch one or more bits of data
representative of a sensed current or voltage on the coupled
bit line 902, for example.

Each oval region 920-928 shown in FIG. 9 is represen-
tative of a portion of a particular neuron model. For
example, oval 920 might comprise one or more strings of
memory cells coupled to its corresponding bit line (e.g., bit
line BLO passing through the oval 920 as shown.) According
to various embodiments, at least one memory cell from each
string of memory cells comprising each oval are concur-
rently biased during a sense operation performed on the
particular portion of the neuron model, such as described
above with respect to FIG. 7A, for example. The oval 930
might comprise one or more strings of memory cells (not
shown) coupled to the corresponding bit line BL.S1 904.

Memory cells comprising oval 930 might be programmed
to a data state representative of a threshold level for one or
more corresponding neuron models. Each memory cell
comprising the oval 930 might be programmed to the same
or different data states according to various embodiments of
the present disclosure. For example, during a sense opera-
tion of a first neuron model, a first memory cell of a string
of memory cells comprising the oval 930 and corresponding
to the first neuron model might be sensed to determine its
data state. The data state determined from the first memory
cell of oval 930 might be representative of the overall
threshold level of the first neuron model. During a sense
operation of a second neuron model, a second memory cell
of a string of memory cells comprising the oval 930 and
corresponding to the second neuron model might be sensed
to determine its data state. The data state determined from
the second memory cell of oval 930 might be representative
of the overall threshold level of the second neuron model,
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and so on. The number of data states that memory cells
comprising the oval 930 can be programmed to might be the
same or might be different than the number of data states that
memory cells comprising ovals 920-928 can be programmed
to according to one or more embodiments of the present
disclosure, for example.

Although shown as single lines to improve readability of
the figure, the word lines WLs0-WLs4 940 and WLsTS 960
intersecting each oval 920-930 are each representative of
multiple word lines (e.g., word line groups) coupled to the
one or more strings of memory cells comprising the portions
of neuron models comprising each oval. For example, WLs0
shown in FIG. 9 might be representative of word lines 420
and 422 shown in FIG. 4, for example.

A sense operation according to various embodiments of
the present disclosure can be described by way of reference
to FIG. 9. The various inputs signals (e.g., such as inputs to
a particular neuron model, such as inputs indicated at 832
shown in FIG. 8) can be applied to each word line of each
word line group WLs0-WLs4 940 which is coupled to
selected memory cells of strings of memory cells comprising
each oval 920-928. Remaining word lines of the word line
groups 940 coupled to unselected memory cells might be
biased with a pass (e.g., Vpass) voltage, for example. Word
line group WLsTS 960 might be biased so as to perform a
sense operation on a memory cell of a string of memory cells
comprising oval 930 in order to determine a particular
threshold level for the present neuron model being stimu-
lated. The input signals applied to word line groups 940 and
960 might have been supplied by an input stage 804 of the
neural network and shown at 832 of FIG. 8, for example.
Alternatively, the input signals applied to these word line
groups 940, 960 may have been supplied as outputs from a
previous level of the neural network, such as indicated by
834 shown in FIG. 8, for example.

During the sense operation, data values indicative of a
current or voltage sensed on the bit lines BL.O-BL4 and
BLS1 are latched in the registers 910 of the sense circuitry
906 coupled to each bit line. The latched data can be
transferred 912 from the registers 910 to additional circuitry
(not shown) of the memory device. The transferred data can
also be transferred to circuitry, such as word line registers
and word line drivers (not shown in FIG. 9) of the memory
device to facilitate generating inputs (e.g., input signals) to
stimulate neuron models comprising additional levels of the
neural network, such as inputs indicated at 834 shown in
FIG. 8, for example. Additional processing of the data
transferred 912 from the registers 910 might be performed
by the control circuitry prior to generating and applying
input signals to different neuron models of the neural net-
work. Data transferred from the latches 910 may be trans-
ferred from the neural network as neural network output
values such as indicated as the output stage 812 shown in
FIG. 8, for example. Data latched in the sense circuitry
registers 810 might be transferred in a serial or a parallel
fashion according to various embodiments of the present
disclosure.

FIG. 10 illustrates a portion of a memory device 1000
according to various embodiments of the present disclosure.
The region indicated by dashed lines 1002 might comprise
the portion of a memory device such as discussed above and
shown in FIG. 9. Ovals 1020, 1028 and 1030 shown in FIG.
10 might correspond to ovals 920, 928 and 930 shown in
FIG. 9 respectively, for example. An example of stimulating
and sensing a particular neuron model according to one or
more embodiments of the present disclosure can be
described by way of reference to FIG. 10.
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FIG. 10 further illustrates word line register 1004, word
line drivers 1006 and a voltage supply 1042, such as
similarly described above with respect to FIG. 7A, for
example. FIG. 10 further illustrates a bi-directional commu-
nications bus 1046 coupled to the word line register 1004.
The communications bus 1046 facilitates receiving input
values, such as initial input values 832 from input stage 804
shown in FIG. 8, for example. FIG. 10 further illustrates
control circuitry 1032 to facilitate operation of the neural
network according to one or more embodiments of the
present disclosure. Although shown separately, word line
registers 1004, word line drivers 1006 and/or control cir-
cuitry 1032 can individually, in combination, or in combi-
nation with other elements, form a controller (e.g., internal
controller) according to one or more embodiments of the
present disclosure. Control circuitry 1032 can comprise
registers and logic circuitry 1034 which performs one or
more operations on data received from the sense circuitry
registers 1010, such as data latched during a sense operation,
for example. The one or more operations might comprise
addition, subtraction, multiplication and/or division opera-
tions which can be performed on data received (e.g., trans-
ferred) from each sense circuitry register 1010.

Control circuitry 1032 further comprises additional logic
circuitry 1036 such as to facilitate a comparison operation of
one or more data values generated during sensing, such as
those combined together to generate a single data value 1038
for a sense operation performed on a particular neuron
model. For example, a single data value 1038 (e.g., summed
value) generated as a result of adding currents sensed on bit
lines BL.0-BL4 might be compared to a data value 1040. The
data value 1040 might comprise the threshold level of the
particular neuron model. The threshold level of the particu-
lar neuron model might be determined by sensing the data
state of a memory cell of the oval 1030 which corresponds
to the particular neuron model, such as determining a neuron
model threshold level from a memory cell of the oval 930 as
discussed above with respect to FIG. 9, for example. The
control circuitry 1032 might perform a comparison opera-
tion to determine if the summed data values from the data
registers coupled to ovals 1020, 1028 are equal to or greater
than the threshold level of the particular neuron model.

Control circuitry 1032 might be configured to access an
operating characteristic table which defines particular oper-
ating characteristics for one or more neuron models and/or
the complete neural network. The operating characteristic
table might be stored in non-volatile memory of the memory
device. The operating characteristic table can be retrieved
from the non-volatile memory, such as following a reset
operation of the memory device, and be loaded into addi-
tional memory (e.g., RAM) (not shown) within the control
circuitry 1032. The operating characteristics table might
comprise a range of input data values and corresponding
range of output data values. The operating characteristic
table might facilitate a particular function where the
summed value (e.g., summed value of currents sensed in bit
lines BLO-BL4) 1038 comprises an input value to the
particular function and the output of the particular function
comprises the output (e.g., output data value) 1050. The data
value (e.g., threshold level) 1040 may also comprise an input
variable to the particular function. According to various
embodiments, the particular function might comprise one or
more linear and/or non-linear functions. For example, the
operating characteristics table might facilitate a sigmoid
function discussed above. Thus, the control circuitry 1032
can translate an input value (e.g., summed data value 1038)
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to a corresponding output value (e.g., output 1050) based on
the contents of the operating characteristics table.

The operating characteristics table might facilitate a
threshold function (e.g., comparator function) where the
output data value 1050 comprises a first value when the
input (e.g., summed data value 1038) is below a particular
threshold level corresponding to the neuron model. When
the input to the table is equal to or above the particular
threshold level, the output data value comprises a second
value, such as facilitating a step function, for example.

The output value 1050 may be transferred to word line
registers 1004 as inputs for stimulating another neuron
model such as in another level of the neural network, for
example. The output value might be transferred 1052 to
additional circuitry and/or out of the memory device, such as
to a memory access device (e.g., processor) coupled to the
memory device, for example.

FIG. 11 is a simplified block diagram of an electronic
system having a memory access device (e.g., processor)
1130 coupled to a memory device 1101 according to an
embodiment of the disclosure, and on which various
embodiments of the present disclosure can be practiced.
Memory device 1101 includes an array of memory cells
1104 arranged in rows and columns. Although the various
embodiments have been described primarily with reference
to NAND memory arrays, the various embodiments are not
limited to a specific architecture of the memory array 1104.
Some examples of other array architectures suitable for the
present embodiments include NOR arrays, AND arrays, and
virtual ground arrays. In general, however, the embodiments
described herein are adaptable to any array architecture
permitting generation of a data signal indicative of the data
state of each memory cell.

Row decode and control circuitry 1108 and a column
decode and control circuitry 1110 are provided to decode
address signals provided to the memory device 1101.
Address signals are received and decoded to access memory
array 1104. Row decode and control circuitry 1108 further
facilitates biasing word lines according to various embodi-
ments of the present disclosure. Row decode and control
circuitry 1108 might comprise word line registers, word line
drivers and voltage supply circuitry described above, for
example.

Memory device 1101 also includes input/output (I/O)
control circuitry 1112 to manage input of commands,
addresses and data to the memory device 1101 as well as
output of data and status information from the memory
device 1101. An address register 1114 is coupled between
1/O control circuitry 1112 and row decode and control
circuitry 1108 and column decode and control circuitry 1110
to latch the address signals prior to decoding. A command
register 1124 is coupled between 1/O control circuitry 1112
and control logic 1116 to latch incoming commands. Control
logic 1116 controls access to the memory array 1104 in
response to the commands and generates status information
for the external processor 1130. The control logic 1116 is
coupled to row decode control circuitry 1108 and column
decode control circuitry 1110 to control the row decode
control circuitry 1108 and column decode control circuitry
1110 in response to the addresses.

Control logic 1116 can be coupled to a sample and hold
circuitry 1118. The sample and hold circuitry 1118 latches
data, either incoming or outgoing, in the form of analog data
signals. The sample and hold circuitry 1118 can comprise the
sensing circuitry and registers comprising the sense circuitry
coupled to bit lines as described above with respect to one
or more embodiments of the present disclosure, for example.
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The sample and hold circuitry 1118 could contain capacitors
or other analog storage devices for sampling either an
incoming data signal representing data to be written to a
memory cell or an outgoing data signal indicative of the
threshold voltage sensed from a memory cell. The sample
and hold circuitry 1118 may further provide for amplifica-
tion and/or buffering of the sampled signal to provide a
stronger data signal to an external device. It is noted that the
sample and hold circuitry 1118 could include analog-to-
digital conversion functionality and digital-to-analog con-
version (DAC) functionality to convert read data from an
analog data signal to a digital bit pattern and to convert write
data from a digital bit pattern to an analog signal, such as
part of sense operations and/or word line potential genera-
tion according to various embodiments the present disclo-
sure.

According to various embodiments of the present disclo-
sure, control logic 1116, control circuitry 1112 and/or firm-
ware or other circuitry (e.g., any or all of 1114, 1122, 1124,
1110, and 1108) can individually, in combination, or in
combination with other elements, form an internal control-
ler. Control logic 1116 is one example of control circuitry,
such as control circuitry 1032 discussed above with respect
to FIG. 10. As used herein, however, a controller need not
necessarily include any or all of such components. In some
embodiments, a controller can comprise an internal control-
ler (e.g., located on the same die as the memory array) and/or
an external controller, for example.

During a write operation, target memory cells of the
memory array 1104 can be programmed until voltages
indicative of their Vt levels match the levels held in the
sample and hold circuitry 1118. This can be accomplished,
as one example, using differential sensing devices to com-
pare the held voltage level to a threshold voltage of the target
memory cell. Much like traditional memory programming,
programming pulses could be applied to a target memory
cell to increase its threshold voltage until reaching or
exceeding the desired threshold value. In a sense operation,
the Vt levels of the target memory cells are passed to the
sample and hold circuitry 1118 for transfer to an external
processor (not shown in FIG. 11) either directly as analog
signals or as digitized representations of the analog signals
depending upon whether ADC/DAC functionality is pro-
vided external to, or within, the memory device.

Threshold voltages of memory cells may be determined in
a variety of manners. For example, a word line voltage could
be sampled at the point when the target memory cell
becomes activated. Alternatively, a boosted voltage could be
applied to a first source/drain side of a target memory cell,
and the threshold voltage could be taken as a difference
between its control gate voltage and the voltage at its other
source/drain side. By coupling the voltage to a capacitor,
charge would be shared with the capacitor to store the
sampled voltage. Note that the sampled voltage need not be
equal to the threshold voltage, but merely indicative of that
voltage. For example, in the case of applying a boosted
voltage to a first source/drain side of the memory cell and a
known voltage to its control gate, the voltage developed at
the second source/drain side of the memory cell could be
taken as the data signal as the developed voltage is indicative
of the threshold voltage of the memory cell.

Sample and hold circuitry 1118 may include caching, i.e.,
multiple storage locations for each data value, such that the
memory device 1101 may be reading a next data value while
passing a first data value to an external processor, or
receiving a next data value while writing a first data value to
the memory array 1104. A status register 1122 is coupled
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between /O control circuitry 1112 and control logic 1116 to
latch the status information for output to the external pro-
Ccessor.

Memory device 1101 receives control signals at control
logic 1116 over a control link 1132. The control signals may
include a chip enable CE#, a command latch enable CLE, an
address latch enable ALE, and a write enable WE#. Memory
device 1101 may receive commands (in the form of com-
mand signals), addresses (in the form of address signals),
and data (in the form of data signals) from the processor over
a multiplexed input/output (I/O) bus 1134 and output data to
the external processor over /O bus 1134.

In a specific example, commands are received over input/
output (I/O) pins [7:0] of I/O bus 1134 at I/O control
circuitry 1112 and are written into command register 1124.
The addresses are received over input/output (I/O) pins [7:0]
of'bus 1134 at [/O control circuitry 1112 and are written into
address register 1114. The data may be received over input/
output (I/O) pins [ 7:0] for a device capable of receiving eight
parallel signals, or input/output (I/O) pins [15:0] for a device
capable of receiving sixteen parallel signals, at I/O control
circuitry 1112 and are transferred to sample and hold cir-
cuitry 1118. Data also may be output over input/output (1/O)
pins [7:0] for a device capable of transmitting eight parallel
signals or input/output (I/O) pins [15:0] for a device capable
of transmitting sixteen parallel signals. The control link 1132
and the 1/O bus 1134 might be combined or might be
combined in part to form a communications channel
between the processor 1130 and the memory device 1101. It
will be appreciated by those skilled in the art that additional
circuitry and signals can be provided, and that the memory
device of FIG. 11 has been simplified to help focus on the
embodiments of the present disclosure.

While the memory device of FIG. 11 has been described
in accordance with popular conventions for receipt and
output of the various signals, it is noted that the various
embodiments are not limited by the specific signals and /O
configurations described. For example, command and
address signals could be received at inputs separate from
those receiving the data signals, or data signals could be
transmitted serially over a single /O line of /O bus 1134.
Because the data signals represent bit patterns instead of
individual bits, serial communication of an 8-bit data signal
could be as efficient as parallel communication of eight
signals representing individual bits, for example.

CONCLUSION

Methods of facilitating neural network operations in
memories, and memories using the methods have been
described. In particular, some embodiments facilitate con-
currently stimulating one or more memory cells where the
one or more memory cells comprise a neuron model. Neuron
models can be operated concurrently to be responsive to
inputs and generate outputs. Additional embodiments facili-
tate operating neural networks within a memory device
where the neural networks can comprise multiple levels of
neuron models. Outputs generated by neuron models of a
particular level of the neural network can be supplied as
inputs to a different level of neuron models of the neural
network thus facilitating a feed-ward type neural network,
for example. Methods of establishing operating character-
istics of neural networks according to various embodiments
have also been described.

Although specific embodiments have been illustrated and
described herein, it will be appreciated by those of ordinary
skill in the art that any arrangement, which is calculated to
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achieve the same purpose, may be substituted for the specific
embodiments shown. Many adaptations of the disclosure
will be apparent to those of ordinary skill in the art.
Accordingly, this application is intended to cover any adap-
tations or variations of the disclosure.

What is claimed is:

1. A method of operating a memory device, the method
comprising:

applying a first potential to a control gate of a first

memory cell of a string of series-connected memory
cells connected to a data line while activating each
remaining memory cell of the string of series-con-
nected memory cells;

generating a first output responsive to sensing the data

line a first time while applying the first potential to the
control gate of the first memory cell and while each
remaining memory cell of the string of series-con-
nected memory cells is activated;

applying a second potential to a control gate of a second

memory cell of the string of series-connected memory
cells while activating each remaining memory cell of
the string of series-connected memory cells, wherein
the second potential is generated as a function of the
first output; and

sensing the data line a second time while applying the

second potential to the control gate of the second
memory cell and while each remaining memory cell of
the string of series-connected memory cells is acti-
vated.

2. The method of claim 1, further comprising generating
a second output responsive to sensing the data line the
second time while applying the second potential to the
control gate of the second memory cell and while each
remaining memory cell of the string of series-connected
memory cells is activated.

3. The method of claim 2, further comprising transferring
the second output from the memory device.

4. The method of claim 1, further comprising:

applying a third potential to a control gate of a third

memory cell of the string of series-connected memory
cells while activating each remaining memory cell of
the string of series-connected memory cells, wherein
the third potential is generated as a function of the
second output; and

sensing the data line a third time while applying the third

potential to the control gate of the third memory cell
and while each remaining memory cell of the string of
series-connected memory cells is activated.

5. The method of claim 1, wherein the first potential
comprises an input potential generated responsive to an
input received at an interface of the memory device.

6. The method of claim 1, further comprising performing
a programming operation on one or more memory cells of
the string of series-connected memory cells prior to applying
the first potential to the control gate of the first memory cell.

7. The method of claim 6, wherein performing the pro-
gramming operation comprises adjusting a threshold voltage
of one or more memory cells of the string of series-
connected memory cells.

8. The method of claim 6, wherein performing the pro-
gramming operation further comprises programming the one
or more memory cells of the string of series-connected
memory cells as SLC memory cells or MLC memory cells.

9. The method of claim 1, wherein sensing the data line
the first time and sensing the data line the second time each
comprise sensing a current on the data line while the first
potential and the second potential are applied, respectively.
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10. The method of claim 1, wherein sensing the data line
the first time and sensing the data line the second time each
comprises sensing a voltage on the data line while the first
potential and the second potential are applied, respectively.

11. The method of claim 1, wherein the second potential
comprises a logic high potential when the first output is
greater than or equal to a particular threshold level, and
wherein the second potential comprises a logic low potential
when the first output is less than the particular threshold
level.

12. A method of operating a memory device, the method
comprising:

applying a first potential to a control gate of a first

memory cell of a string of series-connected memory
cells connected to a first data line and to a control gate
of a first memory cell of a string of series-connected
memory cells connected to a second data line while
activating each remaining memory cell of the string of
series-connected memory cells connected to the first
data and each remaining memory cell of the string of
series-connected memory cells connected to the second
data line;

generating first and second outputs responsive to sensing

the first and second data lines a first time while apply-
ing the first potential to the control gate of the first
memory cell of the string of series-connected memory
cells connected to the first data line and to the control
gate of the first memory cell of the string of series-
connected memory cells connected to the second data
line, and while each remaining memory cell of the
string of series-connected memory cells connected to
the first data line and each remaining memory cell of
the string of series-connected memory cells connected
to the second data line is activated;

applying a second potential to a second memory cell of

the string of series-connected memory cells connected
to the first data line and to a second memory cell of the
string of series-connected memory cells connected to
the second data line while activating each remaining
memory cell of the string of series-connected memory
cells connected to the first data and each remaining
memory cell of the string of series-connected memory
cells connected to the second data line, wherein the
second potential is generated as a function of at least
one of the first and second outputs; and

generating third and fourth outputs responsive to sensing

the first and second data lines a second time while
applying the second potential to the control gate of the
second memory cell of the string of series-connected
memory cells connected to the first data line and to the
control gate of the second memory cell of the string of
series-connected memory cells connected to the second
data line, and while each remaining memory cell of the
string of series-connected memory cells connected to
the first data line and each remaining memory cell of
the string of series-connected memory cells connected
to the second data line is activated.

13. The method of claim 12, further comprising:

applying a third potential to a control gate of a third

memory cell of the string of series-connected memory
cells connected to the first data line and to control gate
of a third memory cell of the string of series-connected
memory cells connected to the second data line while
activating each remaining memory cell of the string of
series-connected memory cells connected to the first
data and each remaining memory cell of the string of
series-connected memory cells connected to the second
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data line, wherein the third potential is generated as a
function of at least one of the third and fourth outputs;
and

generating fifth and sixth outputs responsive to sensing

the first and second data lines a third time while
applying the third potential to the control gate of the
third memory cell of the string of series-connected
memory cells connected to the first data line and to the
control gate of the third memory cell of the string of
series-connected memory cells connected to the second
data line, and while each remaining memory cell of the
string of series-connected memory cells connected to
the first data line and each remaining memory cell of
the string of series-connected memory cells connected
to the second data line is activated.

14. The method of claim 13, further comprising:

applying a fourth potential to a fourth memory cell of the

string of series-connected memory cells connected to
the first data line and to a fourth memory cell of the
string of series-connected memory cells connected to
the second data line while activating each remaining
memory cell of the string of series-connected memory
cells connected to the first data and each remaining
memory cell of the string of series-connected memory
cells connected to the second data line, wherein the
fourth potential is generated as a function of at least one
of the fifth and sixth outputs; and

generating seventh and eighth outputs responsive to sens-

ing the first and second data lines a fourth time while
applying the fourth potential to the control gate of the
fourth memory cell of the string of series-connected
memory cells connected to the first data line and to the
control gate of the fourth memory cell of the string of
series-connected memory cells connected to the second
data line, and while each remaining memory cell of the
string of series-connected memory cells connected to
the first data line and each remaining memory cell of
the string of series-connected memory cells connected
to the second data line is activated.

15. The method of claim 12, further comprising program-
ming one or more memory cells of the strings of series-
connected memory cells to one of a plurality of data states
prior to applying the first potential to the control gate of the
first memory cell of the string of series-connected memory
cells connected to the first data line and to the control gate
of the first memory cell of the string of series-connected
memory cells connected to the second data line.

16. A method of operating a memory device, the method
comprising:

applying a first potential to a control gate of a first

memory cell of a first string of series-connected
memory cells connected to a first data line while
activating each remaining memory cell of the first
string of series-connected memory cells;

performing a first sense operation on the first data line

responsive to applying the first potential to the control
gate of the first memory cell of the first string of
series-connected memory cells;

generating a second potential, wherein the second poten-

tial comprises a potential level generated as a function
of a first level sensed on the first data line during the
first sense operation;

applying the second potential to a control gate of a first

memory cell of a second string of series-connected
memory cells connected to a second data line while
activating each remaining memory cell of the second
string of series-connected memory cells; and
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performing a second sense operation on the second data
line responsive to applying the second potential to the
control gate of the first memory cell of the second string
of series-connected memory cells.

17. The method of claim 16, further comprising:

generating a third potential, wherein the third potential

comprises a potential level generated as a function of a
second level sensed on the second data line during the
second sense operation;
applying the third potential to a control gate of a second
memory cell of the first string of series-connected
memory cells connected to the first data line while
activating each remaining memory cell of the first
string of series-connected memory cells; and

performing a third sense operation on the first data line
responsive to applying the third potential to the control
gate of the second memory cell of the first string of
series-connected memory cells.

18. The method of claim 17, further comprising:

generating a fourth potential, wherein the fourth potential

comprises a potential level generated as a function of a
third level sensed on the first data line during the third
sense operation;
applying the fourth potential to a control gate of a second
memory cell of the second string of series-connected
memory cells connected to the second data line while
activating each remaining memory cell of the second
string of series-connected memory cells; and

performing a fourth sense operation on the second data
line responsive to applying the fourth potential to the
control gate of the second memory cell of the second
string of series-connected memory cells.

19. The method of claim 16, wherein generating the
second potential as a function of the first level sensed further
comprises generating the second potential as a function of
the first level sensed by accessing a table corresponding to
the function, wherein an input to the table comprises the first
level sensed and an output of the table comprises a value of
the second potential to be generated.

20. The method of claim 19, further comprising storing
the table in one or more memory locations of the memory
device prior to generating the second potential.

21. The method of claim 20, wherein storing the table in
the one or more memory locations further comprises storing
the table where the one or more memory locations comprise
volatile and/or non-volatile memory locations in the
memory device.

22. A method of operating a memory device, the method
comprising:

applying a first potential to a first access line coupled to

a first memory cell of a first string of series-connected
memory cells and to a first memory cell of a second
string of series-connected memory cells while activat-
ing each remaining memory cell of the first string of
series-connected memory cells and each remaining
memory cell of the second string of series-connected
memory cells, wherein the first string of series-con-
nected memory cells is connected to a first data line and
where the second string of series-connected memory
cells is connected to a second data line;

applying a second potential to a second access line

coupled to a first memory cell of a third string of
series-connected memory cells and to a first memory
cell of a fourth string of series-connected memory cells
while activating each remaining memory cell of the
third string of series-connected memory cells and each
remaining memory cell of the fourth string of series-
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connected memory cells, wherein the third string of
series-connected memory cells is connected to the first
data line and where the fourth string of series-con-
nected memory cells is connected to the second data
line;

concurrently sensing the first data line and the second data

line while applying the first potential and the second
potential; and

generating a single output for a neuron model responsive

to concurrently sensing the first and the second data
lines.

23. The method of claim 22, wherein generating the single
output further comprises generating the single output by
adding current data corresponding to a current sensed on the
first data line to current data corresponding to a current
sensed on the second data line.

24. A method of operating a memory device as a neural
network, the method comprising:

performing a first sense operation on a first plurality of

memory cells connected to a first data line and com-
prising a first neuron model, and generating a first
output, wherein each memory cell of the first plurality
of memory cells is contained in a different string of
series-connected memory cells of a first plurality of
strings of series-connected memory cells and wherein
each memory cell of the first plurality of strings of
series-connected memory cells other than the first plu-
rality of memory cells is activated while performing the
first sense operation;

performing a second sense operation on a second plurality

of memory cells connected to a second data line and
comprising a second neuron model, and generating a
second output, wherein each memory cell of the second
plurality of memory cells is contained in a different
string of series-connected memory cells of a second
plurality of strings of series-connected memory cells
and wherein each memory cell of the second plurality
of strings of series-connected memory cells other than
the second plurality of memory cells is activated while
performing the second sense operation;

performing a third sense operation on a third plurality of

memory cells connected to the first data line and
comprising a third neuron model, wherein each
memory cell of the third plurality of memory cells is
contained in a different string of series-connected
memory cells of the first plurality of strings of series-
connected memory cells and wherein each memory cell
of the first plurality of strings of series-connected
memory cells other than the third plurality of memory
cells is activated while performing the third sense
operation; and

performing a fourth sense operation on a fourth plurality

of memory cells connected to the second data line and
comprising a fourth neuron model, wherein each
memory cell of the fourth plurality of memory cells is
contained in a different string of series-connected
memory cells of the second plurality of strings of
series-connected memory cells and wherein each
memory cell of the second plurality of strings of
series-connected memory cells other than the fourth
plurality of memory cells is activated while performing
the fourth sense operation;

wherein the third sense operation is performed by apply-

ing a first and a second potential to the third neuron
model where the first potential and the second potential
are generated as a function of the first output and the
second output; and
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wherein the fourth sense operation is performed by apply-
ing the first and the second potential to the fourth
neuron model where the fourth sense operation is
performed concurrently with the third sense operation.

25. A memory device, comprising:

a string of series-connected memory cells selectively

connected to a data line; and

a controller, wherein the controller is configured to apply

a first potential to a control gate of a first memory cell
of the string of series-connected memory cells during a
first sense operation on the data line while activating
each remaining memory cell of the string of series-
connected memory cells and while the string of series-
connected memory cells is connected to the data line,
and to apply a second potential to a control gate of a
second memory cell of the string of series-connected
memory cells during a second sense operation on the
data line while activating each remaining memory cell
of the string of series-connected memory cells and
while the string of series-connected memory cells is
connected to the data line, wherein the second potential
comprises a potential generated as a function of an
output generated responsive to sensing the data line
during the first sense operation.

26. The memory device of claim 25, wherein the control-
ler is further configured to apply a third potential to a control
gate of a third memory cell of the series-connected string of
memory cells during a third sense operation on the data line
while activating each remaining memory cell of the string of
series-connected memory cells and while the string of
series-connected memory cells is connected to the data line,
wherein the third potential is generated as a function of an
output generated responsive to sensing the data line during
the second sense operation.

27. The memory device of claim 26, wherein the control-
ler is further configured to apply a fourth potential to a
control gate of a fourth memory cell of the string of
series-connected memory cells during a fourth sense opera-
tion on the data line while activating each remaining
memory cell of the string of series-connected memory cells
and while the string of series-connected memory cells is
connected to the data line, wherein the fourth potential is
generated as a function of an output generated responsive to
sensing the data line during the third sense operation.

28. The memory device of claim 25, wherein the string of
series-connected memory cells comprise charge storage
memory cells.

29. The memory device of claim 25, wherein the string of
series-connected memory cells comprise NAND configured
strings of memory cells.

30. The memory device of claim 25, further comprising
sense circuitry configured to sense a current on the data line
during the sense operations.

31. The memory device of claim 30, wherein the gener-
ated output comprises a data value corresponding to a
current sensed on the data line during the first sense opera-
tion.

32. The memory device of claim 31, wherein the second
potential is generated as a function of the current sensed on
the data line during the first sense operation.

33. The memory device of claim 32, wherein the function
comprises one of a linear function or a non-linear function.

34. The memory device of claim 32, wherein the function
comprises a sigmoid function.

35. The memory device of claim 32, wherein the function
comprises a threshold function.
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36. The memory device of claim 25, wherein the second
potential is generated responsive to accessing a table.

37. The memory device of claim 25, wherein the control-
ler is further configured to perform a program operation on
one or more memory cells of the string of series-connected
memory cells.

38. The memory device of claim 25, further comprising
signal conditioning circuitry coupled to the data line.

39. The memory device of claim 25, further comprising
one or more registers coupled to the data line.

40. The memory device of claim 25, wherein the control-
ler comprises one or more access line drivers.

41. The memory device of claim 25, wherein the control-
ler comprises one or more access line registers.

42. A system, comprising:

a communications channel;

a memory access device coupled to the communications
channel and configured to generate memory device
commands; and

a memory device coupled to the communications channel
and configured to be responsive to the memory device
commands, the memory device comprising:

a string of series-connected memory cells selectively
connected to a data line; and
a controller, wherein the controller is configured to:

apply a first potential to a control gate of a first
memory cell of the string of series-connected
memory cells during a first sense operation on the
data line while activating each remaining memory
cell of the string of series-connected memory cells
and while the string of series-connected memory
cells is connected to the data line; and

apply a second potential to a control gate of a second
memory cell of the string of series-connected
memory cells during a second sense operation on
the data line while activating each remaining
memory cell of the string of series-connected
memory cells and while the string of series-con-
nected memory cells is connected to the data line,
wherein the second potential comprises a potential
generated as a function of an output generated
responsive to sensing the data line during the first
sense operation.

43. A memory device, comprising:

an array of memory cells comprising a plurality of NAND
configured strings of series-connected memory cells;
and

a controller, wherein the controller is configured to oper-
ate at least a portion of the array of memory cells as a
neural network;

wherein the controller is further configured to operate a
first plurality of memory cells of the array of memory
cells as a first neuron model, wherein the first plurality
of memory cells comprises at least two memory cells
selectively connected to a particular data line, and
wherein each of the at least two memory cells are
contained in a different NAND configured string of
series-connected memory cells each selectively con-
nected to the particular data line; and

wherein the controller is further configured to sense the
particular data line while each of the at least two
memory cells receives a respective potential at its
control gate to selectively activate that memory cell of
the at least two memory cells depending upon its data
state, and while each remaining memory cell of the
different NAND configured strings of series-connected
memory cells containing a respective one of the at least
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two memory cells is activated, and while the particular
data line is connected to each of the different NAND
configured strings of series-connected memory cells
containing a respective one of the at least two memory
cells.

44. The memory device of claim 43, wherein the control-
ler is further configured to accept an initial input and apply
the initial input to the control gates of the first plurality of
memory cells and operate the first plurality of memory cells
as the first neuron model responsive to the applied initial
input.

45. The memory device of claim 43, wherein the control-
ler is further configured to generate a first output responsive
to operating the first plurality of memory cells as the first
neuron model.

46. The memory device of claim 45, wherein the control-
ler is further configured to operate a second plurality of
memory cells of the array of memory cells as a second
neuron model.

47. The memory device of claim 46, wherein the control-
ler is further configured to operate the second plurality of
memory cells as the second neuron model responsive to the
generated first output.

48. The memory device of claim 47, wherein the control-
ler is further configured to apply the generated first output to
control gates of the second plurality of memory cells and to
operate the second plurality of memory cells as the second
neuron model responsive to the applied first output.

49. The memory device of claim 48, wherein the control-
ler is further configured to generate a second output respon-
sive to operating the second plurality of memory cells as the
second neuron model.

50. The memory device of claim 49, wherein the second
output comprises an output of the neural network.

51. The memory device of claim 49, wherein the first
neuron model and the second neuron model comprise the
neural network.

52. The memory device of claim 51, wherein the neural
network comprises a feed-ward neural network.

53. The memory device of claim 46, wherein the second
plurality of memory cells comprises at least two memory
cells selectively connected to the particular data line, and
wherein each of these at least two memory cells are con-
tained in a different NAND configured string of series-
connected memory cells.

54. The memory device of claim 46, wherein the second
plurality of memory cells comprises at least two memory
cells selectively connected to a different data line, and
wherein the second plurality of memory cells are connected
to receive a same set of inputs as the first plurality of
memory cells.

55. A method of operating a memory device as a neural
network, the method comprising:

stimulating a first plurality of memory cells of an array of

memory cells comprising a plurality of strings of
series-connected memory cells, wherein the first plu-
rality of memory cells comprise a first neuron model,
wherein the first plurality of memory cells comprises at
least two memory cells selectively connected to a
particular data line, and wherein each of the at least two
memory cells are contained in a different string of a
plurality of strings of series-connected memory cells;
activating each remaining memory cell of each of the
strings of the plurality of strings of series-connected
memory cells while stimulating the first plurality of
memory cells and while each of the strings of the
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plurality of strings of series-connected memory cells is
connected to the particular data line;

generating a first output responsive to stimulating the first

plurality of memory cells while activating the remain-
ing memory cells of the plurality of strings of series-
connected memory cells;

stimulating a second plurality of memory cells of the

memory cells of the array of memory cells wherein the
second plurality of memory cells comprise a second
neuron model, wherein the second plurality of memory
cells comprises at least two memory cells selectively
connected to the particular data line, and wherein each
of these at least two memory cells are contained in a
different string of the plurality of strings of series-
connected memory cells; and

activating each remaining memory cell of each of the

strings of the plurality of strings of series-connected
memory cells while stimulating the second plurality of
memory cells and while each of the strings of the
plurality of strings of series-connected memory cells is
connected to the particular data line;

wherein the second plurality of memory cells are stimu-

lated by applying the first output to the second plurality
of memory cells.

56. The method of claim 55, further comprising generat-
ing a second output responsive to stimulating the second
plurality of memory cells with the first output while acti-
vating the remaining memory cells of the plurality of strings
of series-connected memory cells.

57. The method of claim 55, further comprising receiving
an input and wherein stimulating the first plurality of
memory cells further comprises stimulating the first plurality
of memory cells by applying the received input to respective
control gates of one or more memory cells of the first
plurality of memory cells.

58. A method of operating a memory device as a neural
network, the method comprising:

stimulating a first neuron model, wherein the first neuron

model comprises a first plurality of memory cells of an
array of memory cells of the memory device, wherein
the first plurality of memory cells comprises at least
two memory cells selectively connected to a particular
data line, and wherein each of the at least two memory
cells are contained in a different string of a plurality of
strings of series-connected memory cells of the array of
memory cells;

activating each remaining memory cell of each of the

strings of the plurality of strings of series-connected
memory cells while stimulating the first neuron model
and while each of the strings of the plurality of strings
of series-connected memory cells is connected to the
particular data line;

generating a first output responsive to stimulating the first

neuron model while activating the remaining memory
cells of the plurality of strings of series-connected
memory cells;

stimulating a second neuron model, wherein the second

neuron model comprises a second plurality of memory
cells of the array of memory cells, wherein the second
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plurality of memory cells comprises at least two
memory cells selectively connected to the particular
data line, and wherein each of these at least two
memory cells are contained in a different string of the
plurality of strings of series-connected memory cells of
the array of memory cells; and

activating each remaining memory cell of each of the

strings of the plurality of strings of series-connected
memory cells while stimulating the second neuron
model and while each of the strings of the plurality of
strings of series-connected memory cells is connected
to the particular data line;

wherein the second neuron model is stimulated by apply-

ing the first output to the second neuron model.

59. The method of claim 58, wherein stimulating the
second neuron model further comprises stimulating the
second neuron model by concurrently applying the first
output to respective control gates of the second plurality of
memory cells.

60. The method of claim 58, further comprising generat-
ing a second output responsive to stimulating the second
neuron model while activating the remaining memory cells
of the plurality of strings of series-connected memory cells.

61. The method of claim 60, further comprising stimu-
lating a third neuron model, wherein the third neuron model
comprises a third plurality of memory cells of the array of
memory cells, and where the third neuron model is stimu-
lated by applying the second output to the third neuron
model.

62. The method of claim 58, further comprising receiving
an input prior to stimulating the first neuron model.

63. The method of claim 62, wherein stimulating the first
neuron model further comprises stimulating the first neuron
model by applying the received input to the first neuron
model.

64. The method of claim 58, wherein the first neuron
model and the second neuron model comprise the neural
network.

65. The method of claim 64, further comprising program-
ming one or more memory cells of the first plurality of
memory cells and/or programming one or more memory
cells of the second plurality of memory cells to one of a
plurality of data states prior to stimulating the first neuron
model, wherein the data states of the programmed memory
cells define one or more operating characteristics of the
neural network.

66. The method of claim 65, further comprising changing
one or more programmed data states of one or more memory
cells of the first and/or the second plurality of memory cells
to change one or more operating characteristics of the neural
network.

67. The method of claim 66, wherein changing one or
more programmed data states further comprises changing
one or more programmed data states by performing a
programming operation and/or an erase operation on one or
more memory cells of the first and/or the second plurality of
memory cells.



